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IMPROVING THE EXPLAINABILITY
AND ACCOUNTABILITY
OF ALGORITHMS
Thanks to advances in deep learning, decision support algorithms are emerging in almost all
sectors, but many of these artificial intelligence (AI) tools remain “black boxes”.
A multidisciplinary group of researchers has been working on this problem of opacity in order
to remedy it and thus promote public confidence in algorithms.
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Winston Maxwell is director of law and digital technology studies in the economics
and social science department of Telecom Paris. Previously, he was a partner at the law firm
Hogan Lovells, specializing in data law. He is a graduate of Cornell Law School and obtained a PhD
in economics from Telecom Paris (Smarter Internet Regulation Through Cost-Benefit Analysis,
published by Presses des Mines in 2017). His research work is mainly focused on the regulation
of artificial intelligence.

Methodology
In producing their “position paper” on the problems of algorithm explainability and accountability, the researchers
discussed the subject with the various stakeholders (political, academic, business) using a multidisciplinary
approach (mathematics, computer science, social sciences, etc.). The aim is to determine the state of the art
and to identify scientific and policy recommendations for improving the explainability of algorithms.
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the type of data used to train the algorithm, and

The researchers have made another major

the situations in which the algorithm should or

innovation by incorporating a cost-benefit anal-

should not be used. The European Commission

ysis into explainability. In other words, the level

has adopted this approach in its white paper

of explainability will be driven in part by com-

on AI strategy,” notes Winston Maxwell. As for

paring the costs and benefits of explainability

local explicability, this involves explaining par-

for society. As mentioned above, the explana-

ticular algorithmic decisions, such as a loan

tion of an autonomous car accident and the

refusal. “Both these dimensions of explaina-

explanation of a search engine result do not
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Key points
Explainability of an
algorithm depends on four
contextual factors: who the
explanation is addressed to, the
impact of the algorithmic
application, the legal and
regulatory environment, and the
operational framework. In addition,
the global (general operation of
the algorithm) and local (specific
decision-making) level of
explainability must be taken into
account.
The explainability of an
algorithm must be
considered in light of the costs
and benefits for society. In
particular, the storage of data logs
for algorithmic decisions will
require a political choice, as it is
costly and is not always
compatible with the GDPR.
Explainability is generally
at odds with the
performance of algorithms,
because machine learning models
are often built with only one
performance objective in mind.
However, with the development of
hybrid AI techniques, explainability
will become an integral part of
performance parameters.
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